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GENE-26.5, Genesis 2026

GEN-1, Generalist 2026

ACT-1, Sunday 2026

“-0.7, Physical Intelligence 2026

Mobile -base policies work like magic







7ŸŸƚƣĲƖШÅŸĤŸƣŔĦƚќШ ĲƽШÉƣƖŔťĲƖЯШ7ŸŸƚƣĲƖШΞΜΞΣ

Walk, Run, Crawl, RL Fun, Boston Dynamics 2024

HONOR Robotics D1, HONOR 2026

UniTree Kungfu Kid 6.0, UniTree 2025



Damen et al., Scaling Egocentric Vision: The Epic-Kitchens 
Dataset, 2018

Boston Dynamics, Atlas | Partners in Parkour, 2022
https://www.youtube.com/watch?v=tF4DML7FIWk

Specific Scenes & Tasks General Tasks & Intearctions

Why we donôt see that many ñworkingò humanoids

https://www.youtube.com/watch?v=tF4DML7FIWk


Language

1.2B Hours

Manipulation

0.5M Hours

Whole-Body

1K? Hours

Whatôs the reason?



Human motion for humanoid whole -body control

MoCap

Motion Generation

Human Motion Motion Retargeting
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CLONE: Humanoid Whole -Body Teleoperation

(b) Teacher Policy Training

(c) Student PolicyDistillation
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Learning a teacher policy 

with privileged information 

for human motion tracking

Distilling a MoE-based 

student policy with 

Behavior Cloning (Dagger)

Li et al., CLONE: Closed-Loop Whole-Body Humanoid Teleoperation for Long-Horizon, CoRL 2025



Augmenting existing motion datasets for wide pose coverage

Large -scale Open -source

Human Motions

Mahmood et al., ICCV 2019

Wrist Sampling 

Motion Editing

+ =

Data Filtering

Enabling Humanoid Training with Diverse Data





BIGAI@World Humanoid Robot Game (WHRG)  Aug. 2025



OmniBench  for evaluating skill imbalances

Li et al., OmniCLONE: Engineering a Robust, All-Rounder Whole-7ŸĬǃШcƨůċŰŸŔĬШÑĲũĲŸƓĲƖċƣŔŸŰШÉǃƚƣĲůЯШ ƖñŔƻќΞΣ



The effect of data mixing







The problem with reference motion

Li et al., OmniTrack: General Motion Tracking via Physics-9ŸŰƚŔƚƣĲŰƣШÅĲŉĲƖĲŰĦĲЯШ ƖñŔƻќΞΣ



OmniTrack : Physical motion generation for motion tracking



Dataset Reference Penetration Floating Smoothness MPJPE

LAFAN1
Raw Ref. 20.3% 2.52% 33.7 0.000

Physical Ref. 0.0% 0.0% 31.8 21.0

AMASS
Raw Ref. 67.7% 3.29% 19.5 0.000

Physical Ref. 0.0% 0.0% 15.8 16.0

Constructing physical consistent reference motions

× Retargeting causes physical 

inconsistencies

× Roll out with a zero DR teacher 

policy leads to  motion quality 

improvement



Physical reference motions improve both the success rate and 

the tracking quality of the raw motion with scaling effects

Physical motion for scaling general motion tracking




